
INTRODUCTION

Task & Dataset
● Input: 5-sentence narrative + target homonym + candidate sense
● Output: Plausibility score (1–5 scale)
● Eval: Spearman ρ + official accuracy

Task Example

APPROACH OVERVIEW RESULTS
Both approaches were evaluated on the SemEval-2026 Task 5 development 
set using the official scoring script, measured by Spearman rank correlation 
(ρ) and accuracy.

CONCLUSION
We presented two systems for rating word-sense plausibility in narrative 
text, a task where meaning depends on global story context, not just local 
word usage.

What we found:

● Hybrid modeling wins:  Approach 2 achieves the strongest results (ρ = 
0.7393, 80.1% accuracy), showing that combining LLM reasoning with 
transformer representations and calibration is more reliable than either 
alone.

● Reasoning still matters: Approach 1 demonstrates that structured 
narrative reasoning captures rank order well (ρ = 0.5187), even without 
calibration or transformer fusion.

● Twist endings are the core challenge: models that ignore the final 
sentence consistently misrate plausibility. Global coherence is not optional.
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Word sense disambiguation in literary text is challenging because meaning 
depends not only on the target word, but also on the full narrative context.

● In SemEval-2026 Task 5, systems must rate how plausible a proposed 
meaning is for a homonym in a five-sentence story, where the final 
sentence may introduce a twist that retrospectively changes interpretation. 
Ratings are given on a 1–5 scale and evaluated by Spearman rank 
correlation and accuracy.

● To address this, we developed two complementary approaches: (1) a 
retrieval-augmented open-weight LLM pipeline with structured reasoning 
and self-correction, and (2) a calibrated hybrid ensemble combining LLM 
prompting, transformer representations, and a learned calibration layer.

Our work explores how narrative reasoning, retrieval, and calibration can 
improve plausibility scoring in ambiguous literary contexts, and demonstrates 
that combining these techniques yields more reliable predictions than any 
single method alone. Importantly, our best system achieves Spearman ρ = 
0.7393 and 80.1% accuracy on the development set, outperforming a 
strong RoBERTa-base baseline.

APPROACH OVERVIEW 
We propose two complementary approaches to score word-sense plausibility 
in narrative text.
● Approach 1:

○ retrieves similar examples
○  reasons through the full narrative step-by-step
○ self-corrects before scoring.

● Approach 2:
○ aggregates multiple prompt strategies
○ fuses hem with transformer representations,
○ calibrates outputs to match human ratings.

System N Spearman ρ Accuracy

RoBERTa-base –   – 64.1%

Approach 1 
(Llama RAG)

930 0.5187 60.3%

Approach 2 
(Hybrid)

588 0.7393 80.1%
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Figure: High-level overview of the two approaches


