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Large language models (LLMs) continue to underperform for culturally diverse and linguistically
underrepresented communities, limiting their applicability in multilingual and code-switched
environments. This work introduces a culturally aware Mixture of Specialists (MoS) framework
coordinated by a Model Control Protocol (MCP) server to dynamically route user inputs to
language- or region-specific models based on linguistic proximity, cultural relatedness, and data
availability. When a dedicated specialist exists, it is used directly; otherwise, a hierarchical fallback
strategy selects a linguistically related model, then a culturally proximate variant such as a West
African English—tuned specialist, and finally a multilingual backbone augmented with lightweight
regional adapters. As part of a multi-phase research program, this paper presents the first stage of
the system, focusing on the routing architecture, cultural metadata extraction, and region-aware
prompting components while specialist model training is ongoing. To support future specialization,
we prepare parameter-efficient fine-tuning pipelines (LoRA and QLoRA) using openly licensed
corpora rich in local context, including OSCAR, mC4, BigScience ROOTS, Tatoeba, African
StoryBooks, and Global Voices, with thorough deduplication, filtering, and native-speaker
validation. Evaluation on the BLEnD benchmark from SemEval 2026 Task 7 across 26 languages
and 30 regions demonstrates that culturally grounded routing signals, regional metadata, and
language-specific constraints yield substantial gains in contextual accuracy, robustness in
low-resource settings, and cross-regional generalization. These Phase-1 results provide early
empirical evidence that linguistic relatedness and cultural proximity can meaningfully enhance
multilingual model performance even before full specialist integration. Overall, this work
establishes a scalable foundation for developing globally adaptive and culturally grounded NLP
systems.
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