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This paper describes the PolarNLP system submitted to SemEval-2026 Task 9, Subtask 1, which 
focuses on detecting political polarization in multilingual text. The task spans 22 typologically 
diverse languages and poses challenges related to domain shift, class imbalance, and 
cross-lingual generalization. We explored two modeling strategies: (i) a weakly supervised 
teacher–student approach that uses a large language model (LLM) to generate pseudolabels for 
training a multilingual classifier, and (ii) direct LLM-based inference augmented with 
language-agnostic stylistic features. While the teacher–student approach achieved reasonable 
in-distribution performance, it failed to generalize to the heldout test set, collapsing toward the 
majority class. Consequently, our final submission relies on direct LLM inference. We present a 
detailed analysis of both approaches, highlighting the limitations of weak supervision for 
polarization detection and the relative robustness of direct LLM reasoning in multilingual settings.  
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